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MATERIAL & METHODS _ Figure 1: Observed Figure 5: Model structure with 16 organs
2 . [3] and simulated data (top), each represented by five
* Drug: mAb (atezolizumab mouse ; : ) with  TMDD module subcompartments (bo?tom), vyith an qptional
surrogate) 0 for 3 doses. tumor compartment in MoBi. Y=antibody.

Left: Plasma concen- Y*: radiolabeled antibody, included only for
trations. comparison with biodistribution data.

Right: Receptor occu-

« Species: mouse
 Administration: IV bolus
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(Fig. 1), biodistribution by radio-
labeling at 4 doses (Fig. 2).

o Software: PK-Sim® and MoBi® Addition of a tumor compartment
(OSP suite)

* Model structure: see Fig. 5.

« Target recycling and internalization
of drug-target complex.

« Competition between antibody and
radiolabeled antibody for target
binding to reproduce experimental

VALIDATION Mechanistic model in MoBI - Tumor-bearing mice biodistribution conditions (Fig. 2).
Tumor compartment: MC38 (colorectal carcinoma).
New observed data leading to a new TMDD hypothesis: parameter identifica- CONCLUSIONS
tion of kDeg and Kint.
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Table 1: Comparison of NCA results between
model predictions and experimental data [3]
in healthy mice.
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In healthy mice, plasma PK was ade-
quately described (Fig. 1), with NCA
parameters within two-fold of observed
values (Table 1). The mOde_I was then T e g T eembise g optimize clinical trial design
extended to tumor-bearing mice,

assuming no substantial tumor effect
on systemic PK.
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Figure 2: Observed [3] and predicted (hatched) radioactivity levels. through Improved under-
Left: MC38 mouse. Right: Cloudman mouse. standing of tumor exposure

factors (Fig. 3, 4).
» Integrating more robust tumor-
specific data could improve
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model and reused in the tumor-bearing mice Figure 4: Local sensitivity analysis of
model. Pink values were calibrated using Tumor — Fraction intracellular . tumor-sp ocific parameters on  tumor
MC38 tumor-bearing mouse data. Tumor — Relative expression o exposure in the MC38 model. These
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These results support the model’s parameters are often poorly characterized DMDG_GMP_SF_)S_
ability to describe both healthy (Fig. 1) Lomer - braen vome and influence predicted tumor exposure. Student Bursary recipient

Tumor — Specific blood flow rate Similar results were obtained with the Em y,
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and tumor-bearing mice (Fig. 2),
although TMDD-specific parameters
remain less precisely characterized.

Cloudman model.
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